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Exam Blueprint

Please review the table below. It's organized by topic and weight to indicate how much of the exam is focused on each
subject. Topics are mapped to NVIDIA Training courses and workshops that cover those subjects and that you can use to

prepare for the exam.

Recommended Training Content 30% 24% 22% 14% 10%
Type of course | Duration | Cost Breakdown Core Machine Software Experimentation Data Analysis Trustworthy Al
Learning and Al Development and

Knowledge Visualization
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50 questions | 1hour | 90% correct required to pass
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Prompt Engineering (5 questions)

LLM Use Cases (5 questions)
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Training vs Fine-Tuning (5 questions)
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Generative Al Explained Applications of Generative Al - Other Modalities Video

Generative Al Explained

Noxt
Generative Al Explained

Video [ Bookmark this page

Questions . " : -

Applications of Generative Al - Other Modalities
Applications of Generative Al N 8 y a
Language And then we can take a small amount of data, say, for example, data from my voice where |
spend 1/2 an hour recording
Video 1. Contrastive pre-training 2. Create dataset classifier from label text in a studio to get a custom voice and then resynthesize, let's say, my voice in English, the

language that I'm natively speaking, but then also allow me to speak in a new language.

Questions

So her

2 sample of speech synthesis in the nativ

Apphcatlons‘of Generative Al - pepper the Toxt I They say it's darkest before the dawn.
Other Modalities sussle pup *  Encoder aphotoof Toxt
J 1 1 l a {object} Encoder We've been in this town for far too long.

anguage of a speaker that w

Jiven

I Video And then, without having to teach that person how to speak Hindi, we can enable that
T n T3 v person to speak in Hindi using another generative model
Questions So there are many different forms that generative Al can take, many different modalities.
. 2y LT, LT, I, 1,1, And the interesting thing is that they're starting to compose and conjoin
Challenges and Opportunities : %
of Generative Al ) > | was talking earlier about b guage models can use tool
- I, LT LT LT I Ty 3. Use for zero-shot prediction Well, we can also connect language models with image synthesis models, 3D synthesis
Summary 00 % % Ty i (A models, speech u‘yv\:lw-» s models, video synthesis m;u!r—a\;‘ in order to make models that
. m can understand and synthesize content in all sorts of different
- e - Iy IgT, IgT, IgTy IgTy
modalities.
Next Steps e modalitie
E S ,v Il rv IV 77 IY TJ JY 'N 1
ncoder And | think that's going to be a trend for the next year or so.
Feedback And how does this composition work?
- Iy vty Iyl IyTs IyTy ) Well, the composition happens through embeddiny
aphoto of And I'm going to give an example from image embeddings, which are able to connect
adog. images and text

This one, again, comes from OpenAl
Soce: L Open & It's called Clip.
And the idea is that if you are able to collect a large

Composition happens through Embeddings ice tamoge.

Example: Image Embeddings You can do a training step where we create an abstr

with capt

s, maybe just very simple captions that describe what's

ace that's just a bunch of

vectors where we project each of these irr s and each of these text examples into the

21

same space using a neural network
And then when we train the neural network

We are actually training it so that if you have a label for a particular image, that it has the

» Speed 1.0x g same embedding in this vector space.
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Variational AutoEncoders
Last Updated : 16 Dec, 2025 < Do

Variational Autoencoders (VAEs) are generative models that learn a smooth, probabilistic latent space,
allowing them not only to compress and reconstruct data but also to generate entirely new, realistic
samples. VAEs capture the underlying structure of a dataset and produce outputs that closely
resemble the original data.

¢ Learns a continuous latent representation
* Enables controlled and meaningful data generation

¢ Widely used in image synthesis, anomaly detection, and representation learning

Architecture of Variational Autoencoder
latent state distributions

1 Sample from

distributions

VAE is a special kind of autoencoder that can generate new data instead of just compressing and
reconstructing it. It has three main parts:

Computer vision

o

Data Science

Artific
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IT & Softw:

Udemy

: Generative Al & LLMs (NCA-GENL)

NCA-GENL: SoAl-Certified Generative Al LLMs

Specialization

Complete Guide to Passing NCA-GENL Exam: Generative Al, LLMs, Prompting, and Model

Deployment - School of Al

Created by V

£ Last updated 3/

What you'll learn

Understand foundational concepts in machine learning
and neural networks critical to generative Al

Design and evaluate effective prompts using zero-shot,
few-shot, and chain-of-thought techniques.

Use key NVIDIA tools such as NeMo, Triton, RAPIDS,
and TensorRT for LLM training, optimization, and

deployment.

Explore related topics

‘ NVIDIA-Certified Associate: Generative Al & LLMs (NCA-GENL) ‘

English & English [Auto],

v Explain the architecture of transformers and large

language models (LLMs), including attention
mechanisms and training strategies.

Compare fine-tuning, instruction tuning, LoRA, and
PEFT approaches for adapting pretrained models.

Apply best practices in LLM evaluation,
experimentation, and reproducibility to prepare for real-
world use and the certification exam.

Hardware IT & Software

This course includes:
& 2 hours on-demand video
B Access on mobile and TV

e Full lifetime access

Course content

Closed captions

Certificate of completion

Preview this course

Buy individual course
NT$440

® 30-day money-back guarantee

e Full lifetime access

Add toc:

[ Buy now

)

Apply Coupon

=3

<



NVIDIA-Certified Associate: Gen Al NCA-GENL-Practice Tests

NVIDIA-Certified Associate: Gen Al NC
Practice Tests

NVIDIA-Certified A

ciate (NCA-GENL):
Al LLM

xam on the first attemg

Buy individual course
NT$390

@ 30-day money-back guarantee

Created by

t up

e Full lifetime access

Add to

What you'll learn

v

Assess Exam Readiness for the NCA-GENL
Certif

concepts, including Transformer architectures,

tion: Evaluate your grasp of core Generative Al

tokenization etc.

Verify Knowledge of the NVIDIA Al Ecosystem: Confirm
you can correctly identify and apply the appropriate

Validate Skills in Prompt Engineering & Tuning Test your
ability to distinguish between key techniques such as
Zero-shot vs. Few-shot prompting, RAG etc

Master Responsible Al & Deployment Concepts:

Practice an high-stakes questions on Al safety,

‘ Buy now

Subscribe and save

O From NT$350.00 /rontt

NVIDIA tools. hallucination mitigation etc.. Apply Coupon B <

300 questions

Explore related topics

IT Certifications IT & Software

~ Practice Tests
This course includes:
@ 6 practice tests

Practice Test1

B Assignments

Practice T
Included in This Course actice Test2

©)
®
[300 questions

’ ‘7 ® Practice Test 3
~ Practice Tests
o ® Practice Test 4
@
® ® Practice Test b
@ Practice t4
® Practice Test 5 ® Practice Test 6
@ Practice Test 6
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Why the cross entropy is defined as this?
§ Show thinking v

This formula represents the Binary Cross-Entropy Loss (often just called Log Loss). It is the
standard cost function used for training binary classification models.

We can explore the "why" behind this definition from two main angles. Which one sounds more

helpful to you right now?

1. The Intuitive Mechanism: We can look at how the algebra acts like a “switch" to penalize

the model when it makes a mistake.

. The Statistical Origin: We can derive this formula from the concepts of Maximum
Likelihood Estimation (how statisticians determine the best parameters for a model).
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Deep research

Create video
Create music

Guided learning

4+ 2 [ Guided learning X

Gemini is Al and can make mistakes.
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Attempt 1.

880/0 correct (44/50)
25 minutes
January 29, 2026 at 05:25 PM
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Home Exam Dashboard
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Exam Dashboard
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Core ML/AI Knowledge 82 %
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